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Abstract—Generally Machine Learning has been used for Twitter Spam Detection,which uses statistical features of
Tweets.Sometimes,the properties of tweets vary over time and thus result in “Twitter Spam Detection” occurs. To solve
this problem we use Lfun scheme which discover the “changed” tweets from unlabeled tweets. In this paper, We
propose:1)To block the unwanted words from tweets 2)Unfollow the spam followers. The unwanted words are clustered
and stored under Big Data. In this scheme, the unwanted words from that tweet will be blocked and remove the user from
their follower’s list.

IndexTerms—Twitter spam Detection, Machine Learning, Lfun scheme.

I. INTRODUCTION

Big Data is data sets that are so voluminous and complex that traditional data processing application software are inadequate to deal
with them. It includes capturingdata, Data storage, Data analysis, Transfer, Informing privacy.Although big data doesn't equate to
any specific volume of data, the term is often used to describe terabytes, petabytes and even exabyte of data captured over time.
Data sets grow rapidly - in part because they are increasingly gathered by cheap and numerous information-sensing Internet of
things devices such as mobile devices, aerial (remote sensing), software logs, cameras, microphones, radio-frequency identification
(RFID) readers and wireless sensor networks.Just like other social media, twitter has become one the most popular one. However it
also leads to the increase of spamming activities.Previously we used web protection technology system to filter spam URL’s
[10].This also implements blacklist filtering.

Despite of, the blacklisting fails due to time log. So we used machine learning technique which involves many steps. In first step
we differentiate spam tweets and no spam tweets which are extracted from user details. A sample set of data are kept within class.
Afterthat, we use machine learning based classifiers to detect the spam words [1][9].To classify the tweets, here we propose
Random forestclassifier [9]. Then finally Lfun scheme is applied to tackle the “Twitter spam Drift” [7].

1. SYSTEM ARCHITECTURE

The user registers the details and then sign-in process of user is carried out. Added to that process, the tweets are then classified into
spam andno spamtweets [2]. Later on the spam tweets are taken into a separate class set where clusters of tweets are taken together
and using required machine learningtechnique or detection algorithm the spam is filtered. Thefiltration is doneusing Lfun scheme
[7]. This scheme takes the spam tweets separately and using threshold filtration method, the tweets will be corrected. It also blocks
the unwanted words from tweets and further it will unfollow the followers of the spam users.
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The user must fill the detail for sign-1 process. Itincludesfeatureslikeuser id,password,first name,last name,account, age, number of
followers/followings,the length of tweets etc., Following to that whenuser logged into to tweet page. The user’s activity is
monitored. When the user tweets in his/her profile,the tweets are extracted i.e. whether if the tweet is a spam then, the spam or
unwanted words are extracted by using the statistical features of spam detection [1] with number of machine learningalgorithm.
Importing present future into previous feature set is done in order to improve the performance of classifier. We are using Random
forest classifier for classifying the spam tweets from no spamtweets. This classifier can also be usedfor other social media
likeFacebook, MySpace.The dataset where the spam/unwanted words are created manually using this approach, it is possible to
send spam without embedding URL.

Feature is key component in machine learning.After discovering of spam tweets, there are transferred/transmitted to the iterating
process. Thefiltration process of spam tweets done using Lfun scheme. TheLfun scheme consists of two main components

1) Learning from Detected spam tweets(LDT).2) Learn from Human labeling (LHL).LDT | used to identify spam and no spam.
Hereonly detected spam tweets will be added into trainingdata for further process[5].LHL is used when the numbers of tweets are
less in number and updating can be done manually [5]. These two components are used to check whether there is any “change
spams[8]”. After the filtrationprocess, the unwanted words are blocked from the content in the tweet. If the user tries to post the
spam tweets more than 3 times, thenthe followers of that spam user will be automatically unfollowed [4].The performance of Lfun
scheme is measured using F-measure and Detection rate. F-measure is an evaluation metric which combines precision and recall to
measure performance of classifier or detecting algorithm.Detection rate is the ratio between class spams to total number of tweets
in class spam.
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1V. CONCLUSION AND FUTURE SCOPE

In this paper, we first identify the “spam drift” in satisfied feature based twitter spamdetection. To solve the spam drift problem, we
propose Lfun approach. In this approach classifiers are added to re-train the tweets which are learnt from unlabeled samples. By
using the Lfun approach, the impact of spam drift is reduced. The performance is evaluated in terms of F-measure and Detection
rate. We also found that Lfun algorithm are perform the operations with high accuracy when compared with other detection
algorithms It I not only used to eliminate unwanted information | the training data but also make the process to run faster to training
the model in order to decrease the duplicate samples. In future work, we can add to detect or deal with images and videos.
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